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How unified data infrastructure, real-time monitoring and predictive modelling help operators turn
the FIFA World Cup 2026 into lasting commercial advantage
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Introduction

The FIFA World Cup 2026 will be the largest single sporting event ever staged.
Forty-eight teams, 104 matches across the United States, Canada and Mexico,
a tournament window stretching from 11 June to 19 July. For sportsbook operators,
the five weeks between the opening fixture and the final at MetLife Stadium
compress extraordinary commercial potential and equally extraordinary operational
risk into a period that leaves little room for hesitation.

In our recent analysis - What the World Cup Really Means for Sportsbook Operators - we examined the
deeper structural shifts that occur beneath the surface of rising dashboards: how volume expansion alters the
composition of risk, how registration surges introduce cohorts with uncertain long-term value, how margin
dynamics diverge across segments, and how fraud exposure intensifies at the exact moment detection
baselines become most disrupted.

This whitepaper builds on that foundation, examines how dynamics should be managed and, specifically,
what role data infrastructure, analytics and predictive modelling play in that management. The treatment is
deliberately focused. Rather than surveying every operational dimension superficially, we have chosen four
areas where the interaction between tournament dynamics and data capability is most consequential. Each
is examined in depth: the trade-offs operators face, the approaches available, their relative strengths and
limitations, and how they connect to the broader challenge of converting a five-week engagement spike into
durable business value. The four areas are:

Real-time data The economics CRM, retention Organisational
architecture and the of tournament and the predictive alignment under
problem of reporting acquisition and modelling challenge peak operational
latency cohort quality load

01 02 03 04

Each touches multiple functions. Each becomes significantly harder without a unified data foundation. And each
will be stress-tested during June and July 2026 in ways that regular-season operations rarely replicate.

Operational context of a World Cup tournament

Typical operator impact during a major football tournament:

25-40% 30-50% 20-60% Up to 40%

of annual new increase in sportsbook acquisition cost of tournament
registrations occur turnover during group inflation depending traffic are

within ~4 weeks stages on market first-time bettors

For many operators, decisions made during this window determine a meaningful share of the year’s acquisition
economics.
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Real-time data architecture and the
problem of reporting latency

2.1 Why latency becomes a financial variable

During a regular season, a sportsbook can tolerate a degree of reporting latency without material consequence.
Margin deviations tend to revert to the mean across a large number of independent events. If Thursday’s
dashboard reflects Wednesday’s data, the trading desk still has time to adjust before the weekend'’s fixtures.
The cost of a 24-hour lag exists, but it is usually manageable.

A World Cup removes this cushion. Liquidity during a tournament clusters around
a limited number of fixtures with high directional correlation. Recreational bettors,
many of whom are betting for the first time, tend to favour national teams and
popular outcomes. This creates concentrated, one-sided exposure that a handful
of results can either validate or punish.

When four group-stage matches run on the same day and each carries significant

liability, the cumulative exposure position can shift by millions within hours. If the

reporting infrastructure that reveals this position operates on yesterday’s data, the P
. . . . . ([

gap between what the organisation knows and what the organisation is exposed I I

to becomes a financial risk in itself.

This observation - that the timing of insight becomes a financial variable during a tournament - was a key point
in our recent blog analysis . The deeper question is what to do about it.

2.2 Three approaches to data architecture

Operators broadly adopt one of three approaches to their data infrastructure, each with distinct implications for
tournament readiness.

01 The first approach, still common among mid-size operators, relies on periodic ETL pipelines that extract

data from production systems overnight and load it into a reporting database. Dashboards and reports
are refreshed once or twice daily. This architecture is relatively simple to maintain and sufficient for most
regular-season needs. During a World Cup, however, it introduces blind spots that are difficult to work
around. Trading teams supplement with ad-hoc queries against production databases, which is fragile and
resource-intensive. Finance and CRM operate on stale snapshots. The organisation makes decisions based
on different versions of reality depending on when each team last refreshed its data.

The second approach introduces near-real-time data streaming, typically using event-driven pipelines

02 . . : . L
that push transactional data into an analytical layer within minutes rather than hours. This significantly
reduces latency and allows dashboards to reflect recent activity. The trade-off is architectural complexity.

Streaming infrastructure requires ongoing engineering investment, careful schema management and robust
error handling. Many operators who adopt this approach find that the streaming layer handles transactional
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data well but struggles to integrate behavioural, marketing and financial data with the same freshness, creating
a partially real-time environment where some teams see current data and others do not.

The third approach - and the one Gamblitude is designed to support - consolidates all operator data into

a single cloud-native data warehouse that serves as the canonical source for every team. The warehouse
ingests data from all upstream sources (transactional, behavioural, marketing, financial, compliance) and keeps
it continuously current. The analytics layer sits directly on this warehouse. Every dashboard, every insight, every
Al query operates on the same underlying dataset. There is no separate reporting database, no periodic extract,
no version mismatch between what trading sees and what finance sees.

Operational data architecture during a tournament

01 Operator systems
bets, payments, registrations,

sessions, CRM, marketing,
paid ads
Event ingestion layer 02
real-time data collection from all
sources
03 Central data warehouse
single operational data layer
Metrics & Attributes engine 04 v
defining KPIs, metrics and attributes
formulas 05 Operational modules
dashboards & reports, insight
radar monitoring, Al agent,
. o segmentation, predictive
Operational decisions 06 models
anomaly detection, CRM planning,
trading adjustments, acquisition
optimisation, risk mitigation

The advantage of this approach extends beyond speed. It eliminates a category of organisational problem
that is difficult to solve through process alone: the problem of inconsistent data across teams. During a World
Cup, when trading, CRM, marketing, compliance and the executive team are all making decisions under time
pressure, the cost of reconciling conflicting numbers is measured in delayed decisions and misallocated
resources. A unified warehouse removes the reconciliation step entirely.

2.3 Automated monitoring and the signal-to-noise problem

Faster data, on its own, creates a second-order problem. As information becomes
more current and more granular, the volume of potential signhals increases.
A dashboard refreshing every few minutes generates more data points than a daily
report, but it also generates more noise. The challenge shifts from “we don’t have
the data” to “we have the data but we can’t process the signals fast enough.”

This is particularly accurate during a World Cup, when the number of active markets, concurrent fixtures,
promotional campaigns and new player registrations all spike simultaneously. A CRM manager monitoring
player behaviour, a compliance officer watching for irregular betting patterns and a head of trading tracking
margin dynamics are all looking at rapidly changing data. Without automated prioritisation, the sheer volume
of change can be paralysing.



Data, Analytics & Predictive Intelligence in Modern Sportsbook Operations

There are broadly two approaches to this problem. The traditional
approach relies on pre-configured threshold alerts: if margin drops a
below X, if stake size exceeds Y, if registration velocity exceeds Z,
an alert fires. This works reasonably well for known risk scenarios. It
fails for novel patterns - situations where the deviation is meaningful
but doesn’t fit a pre-defined rule. During a World Cup, novel patterns
are precisely what you expect: unprecedented cohort compositions,
unfamiliar betting behaviours from first-time bettors in newly regulated
markets, exposure profiles shaped by the unique fixture schedule.

Edit Insight

The more sophisticated approach, and the one embedded in
Gamblitude’s Insight Radar module, combines threshold monitoring
with contextual anomaly detection. The system monitors configured

metrics continuously, but rather than firing only when a static threshold {HighMedium] Market anomaly

is breached, it evaluates whether observed values deviate meaningfully

Event: [event name]
Stake: [current] vs [baseling] ([% change])
[ T

from expected behaviour given current context. An alert includes what S

changed, by how much and why - which means the analyst receiving Sambiitude
it can make a judgment call immediately rather than spending twenty
minutes investigating whether the deviation is meaningful.

The practical difference during a tournament is significant. A threshold-based system might generate dozens
of false positives during a high-volume matchday as metrics temporarily breach static limits due to normal peak
activity. A context-aware system adjusts its expectations for peak conditions and surfaces only deviations that
are genuinely anomalous given the current operating environment. Theresultis fewer alerts, higher signal quality
and faster response times - exactly what operational teams need when they are already stretched thin.

2.4 Trade-Offs and practical considerations

The argument for real-time data architecture is compelling in principle. In practice, the transition involves
trade-offs that operators should consider carefully.

Costis the most obvious. A fully governed, continuously current data warehouse with
an automated monitoring layer represents a meaningful infrastructure investment. For
operators whose current reporting meets their regular-season needs, the business
case depends on how much financial exposure arises from latency during peak
periods - and how frequently those peaks occur. The World Cup happens once every
four years, but the European Championships, Champions League and domestic league
run-ins create similar (if less extreme) dynamics throughout the calendar.

Organisational readiness is the less obvious trade-off. Real-time data is only
valuable if the organisation can act onitin real time. If the trading desk has live margin
data but the approval process for a pricing change requires three levels of sign-off, the
data advantage dissipates. The infrastructure investment needs to be accompanied by
a corresponding investment in decision-making speed: clear escalation paths, defined
authorities and operational playbooks that function at tournament pace.

Finally, data quality matters more in a real-time environment. A batch process that runs overnight has a built-in
opportunity for validation and correction. A streaming architecture surfaces errors immediately and visibly.
Operators moving toward continuous data need to invest in data governance - schema management, validation

. rules, lineage tracking - with at least as much rigour as they invest in speed.
Gamblitude addresses this through a governed warehouse layer where metric
definitions, attribute logic and access permissions are centrally managed. This is an
architectural choice, but it also reflects a practical reality: speed without accuracy
is worse than latency with reliability.
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The economics of tournament acquisition
and cohort quality

3.1 The scale of the opportunity

Research from Spotlight Sports Group found that 70% of surveyed fans plan to place a bet during the 2026
World Cup, with 66% being first-time bettors. In the US specifically, 90% of respondents indicated it would be
their first sports wager. Only 7% reported feeling confident in their betting knowledge.

70% 66% 90% W 7%

plan to place first-time the first feel

a bet during depositors sports confident
the 2026 wager in betting
World Cup knowledge

The American Gaming Association projects that Americans alone will wager more than two billion dollars on
the tournament, and worldwide betting turnover could surpass fifty billion. These are remarkable numbers.
They represent the largest influx of new customers the industry has ever seen in a compressed timeframe.
For acquisition teams, the mandate is clear: capture as much of this wave as possible.

The complication is that acquisition at this scale introduces structural uncertainty about cohort quality. And
the decisions operators make during the acquisition window - how much to spend, where to spend it, what
incentives to offer, how to onboard new users - have financial consequences that extend far beyond the
tournament itself.

3.2 The cohort quality problem in detail

Tournament cohorts are fundamentally different from regular-season acquisition.
A typical new customer acquired during a Premier League weekend has some
pre-existing relationship with football betting. They may have compared operators,
responded to a specific promotional offer or been referred by an existing bettor.
Their behavioural patterns in the first weeks of activity provide reasonably reliable
signals about long-term engagement.

World Cup cohorts are far more heterogeneous. Some new users are dedicated
sports fans who have never bet before and may become long-term customers if the
experience resonates. Some are social bettors participating because the World Cup is
a cultural event - engaged and enthusiastic during the tournament, unlikely to return
afterward. Some are price-sensitive shoppers responding to welcome offers, with
minimal intent beyond extracting the promotional value. And some are sophisticated
users who understand market dynamics and will contribute positively to margin.
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In a standard reporting system, these segments initially look identical. They all registered, they all deposited,
they all placed a bet. Acquisition dashboards report them as equivalent conversions. Marketing attribution
assigns credit to the campaign that drove each registration. The numbers look strong.

The divergence appears later - typically weeks or months after the tournament
/ concludes, when retention curves begin to separate. By that point, the acquisition
TN budget has been spent, CRM resources have been allocated based on incomplete
information, and the opportunity to apply differentiated engagement during the
period of highest activity has been missed.

3.3 Approaches to early cohort classification

The central challenge is how quickly and accurately an operator can classify new users into meaningful
segments during the tournament itself, before the engagement window closes.

The simplest approach uses registration-time signals: acquisition source, geography, Register an account with
device type, time of registration relative to match schedule. These provide some your special promo-code
segmentation power, but their predictive value for long-term engagement is limited. e oet extre 96

A user who registered through a paid search ad five minutes before kick-off may be
a lifelong football fan who finally decided to bet, or may be a casual participant who
will never return after the group stage.

A more sophisticated approach incorporates early behavioural signals observed during the first hours and
days of activity. Deposit-to-wager ratios, session depth, product exploration breadth (did the user look at
markets beyond the match they registered for?), bet type distribution (singles vs. accumulators vs. Bet Builder),
engagement timing (does the user return between matchdays?) and cash-out behaviour all contribute to a richer
picture. These signals become meaningful surprisingly quickly - often within the first two or three sessions - and
provide significantly better predictive power than registration-time data alone.

. Gamblitude’s Attributes module provides
a o . a structured framework for exactly this
. kind of classification. Operators define
behavioural attributes based on their
own business logic: what constitutes
exploratory product behaviour, what
deposit patterns suggest sustained enga-
gement, what session characteristics
correlate with long-term retention.

2  Type Configuration

im
r (Direc

These attributes are calculated conti-
nuously as data flows into the data
warehouse, and they propagate auto-
matically into segmentation, analytics
and predictive model inputs.

The practical effect is that a CRM team can segment a World Cup cohort within days of registration - separating
high-potential recreational bettors from transient participants, identifying users who are engaging broadly
with the product from those who have bet once and gone silent. This segmentation then informs differentiated
engagement: educational content and guided discovery for the engaged-but-inexperienced segment, targeted
retention offers for the high-potential segment, and deliberate restraint in spending on segments unlikely to
generate post-tournament value.
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Example early cohort classification:

Within the first 72 hours after first deposit, behavioural patterns often diverge significantly. A simplified example:

SEGMENT A 5-8% of players SEGMENT B ~30% of players SEGMENT C 60%+ of players
- multiple sessions - moderate activity - single-session behaviour
- diverse market selection - event-driven engagement - promotion-driven activity

- repeat deposits

Historically responsible for a large Retention possible with Limited long-term
share of long-term NGR. targeted CRM. value.

Without early behavioural analysis these segments initially appear identical in acquisition dashboards.

3.4 The budget allocation dilemma

Tournament acquisition creates a genuine strategic tension. The opportunity cost of under-investing is high:
the World Cup brings millions of potential customers into the market, and operators who fail to compete for
their attention will cede market share that is difficult to recapture. The cost of over-investing is equally real:
acquisition spending during a tournament is expensive (media costs spike, promotional incentives escalate)
and generates returns only if a meaningful share of acquired users convert to long-term customers.

Most operators resolve this tension through one of two strategies. The aggressive approach maximises
registration volume during the tournament, accepting that a large percentage of acquired users will churn
post-event, on the theory that the lifetime value of the retained minority will justify the total spend. This
approach works when the operator has strong post-tournament CRM capability and can identify and nurture
high-potential users effectively. It fails when acquired users are treated homogeneously and CRM resources
are spread evenly across the cohort.

The data-informed approach - and the one that proper data architecture supports - attempts to combine the

scale of the first strategy with the efficiency of the second, by connecting acquisition data to downstream
behaviour in near-real-time. When campaign performance is evaluated on actual revenue contribution and

retention trajectory (rather than registration volume and first-deposit rates), budget allocation can be adjusted
_ during the tournament itself. Channels that are generating high volumes of transient users can be scaled
-e—— back. Campaigns that are attracting engaged, exploratory users can be reinforced. The feedback loop
— operates within the tournament window, while the spending decisions still have impact.

This requires two things: a data infrastructure that connects the acquisition
funnel to post-registration behaviour without manual stitching, and analytical
surfaces that make this connection visible to marketing teams without
requiring Bl intervention. Both are core capabilities within the Gamblitude
platform, and both become significantly more valuable during aperiod when
acquisition costs are high and the quality signal is ambiguous.
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CRBM, retention and the predictive
modelling challenge

4.1 The post-tournament retention cliff

Every experienced operator recognises the pattern: after the tournament concludes, engagement adjusts
sharply. Event-driven players reduce activity. Spend normalises. Cohort retention curves begin to separate.
In the United States, where football (or, should we say, soccer) betting remains episodic for most bettors, the
drop-off tends to be particularly steep.

Industry data from prior tournaments suggests that the bulk of tournament-acquired

4-6 weeks users who will churn do so within the first four to six weeks after the final. The
window for effective retention intervention is narrow and opens almost immediately
after the tournament concludes - a period when organisational attention is often
shifting away from the event and toward regular-season priorities.

The financial stakes of this transition are substantial. An operator that acquires

100,000 new users during the World Cup at an average cost of €30-50 per e T 100000 new users
registration has committed €3-5 million in acquisition spend. If 80% of those €30-50 / registration
users churn within six weeks and no differentiated retention effort is applied, the D T €3-5million
effective cost per retained user rises to €150-250. If a targeted retention effort 2
improves retention by even 5-10 percentage points among the highest-potential o
segments, the return on the acquisition investment changes materially.

T
J, 80% users churn
1~ €150-250 / user

This arithmetic makes the CRM response to the post-tournament period one of the most consequential
commercial decisions of the year.

Economic context:

If an operator acquires 100,000 players during a tournament with an average
acquisition cost of €30-€50, total acquisition spend reaches €3-5 million. Even e T 5% retention

. . . . Improvement
small improvements in retention among high-value segments can therefore have
e : L : : o : D3 T |ong-term: hundreds
significant financial impact. Improving retention of only 5% of the highest-value of thousands of €

cohort may recover hundreds of thousands of euros in long-term value.

4.2 Reactive vs. Predictive retention

Animportant observation about the timing of retention response: without forward-looking modelling, CRM tends
to follow observed decline rather than anticipated change. By the time inactivity becomes visible in standard
reporting - a player hasn’t logged in for 14 days, deposit frequency has dropped to zero, the account is flagged
as dormant - the window for cost-effective reactivation has typically narrowed considerably.
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Consider the difference in practical terms. A reactive retention model monitors
activity metrics (last login, last bet, last deposit) and triggers interventions when
those metrics breach inactivity thresholds. This approach captures players who
are already disengaging, which means the CRM team is effectively competing
against established inactivity rather than preventing it. The interventions available

I ||| at this stage tend to be expensive (bonus-heavy reactivation offers) and produce
diminishing returns as time since last activity increases.

A predictive retention model monitors behavioural trajectory - the direction and
velocity of change in engagement indicators - and generates risk scores before
inactivity materialises in surface-level KPIs. A player whose session depth is
declining, whose deposit frequency is lengthening and whose product engagement
is narrowing may still appear “active” by traditional definitions, but the trajectory
suggests disengagement is developing. Intervening at this stage is both cheaper
(a well-timed, relevant communication or a modest incentive can be sufficient) and
more effective (the player still has some residual engagement to build on).

The challenge with predictive retention has historically been threefold: model quality, data availability and
operational integration.

4.3 Model quality and the calibration question

Building a churn prediction model that works in a general sense is relatively straightforward. Academic
literature on the subject is extensive, and standard machine learning frameworks (gradient-boosted trees,
logistic regression, neural networks) can produce models with reasonable accuracy on historical data.

The harder problem is calibration. A model that correctly predicts 75% of churners may sound impressive, but
if it also generates a high rate of false positives - flagging engaged players as at-risk - the CRM team wastes
resources oninterventions that weren’t needed and dilutes the perceived value of predictive signals. Conversely,
a model that is too conservative (few false positives but many false negatives) misses genuine at-risk players
and fails to deliver on the promise of early intervention.

Research published in Machine Learning with Applications demonstrated that model calibration - the degree to
which predicted probabilities reflect actual frequencies - matters more than raw accuracy for betting-related
prediction tasks. This finding applies equally to churn prediction in sportsbook CRM. A well-calibrated model
allows CRM teams to apply differentiated responses: high-probability churnrisks receive aggressive intervention,
moderate risks receive lighter-touch engagement, and low-risk players are left undisturbed. Miscalibrated
models collapse these distinctions and force a one-size-fits-all approach.

Samblitude

Gamblitude’s Predictive Models layer is designed with
o this calibration challenge in mind. Models are trained
on iGaming-specific behavioural data to establish
domain context, then fine-tuned on the operator’s
own data to reflect their specific business dynamics,
customer composition and market conditions.

The output is a probability score that the CRM team
can act on with graduated confidence, rather than
a binary flag that treats all at-risk players identically.
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Operational use of predictive signals:

Prediction scores become useful when they directly influence operational workflows:

prioritising CRM identifying future adjusting bonus filtering acquisition
outreach for players VIP candidates early intensity depending cohorts by
with elevated churn in their lifecycle on predicted player expected long-term
probability value contribution

01 02 03 04

The value of predictive modelling is therefore less about the model itself and more about the decisions it enables
earlier.

4.4 Data availability and feature richness

A predictive model is only as good as the data it can access. Churn prediction models trained solely on
transactional data (deposit history, bet frequency, loss patterns) tend to perform adequately on regular-season
cohorts but struggle with tournament-acquired users, whose transactional history is short and whose behaviour
is shaped by a temporary context (the World Cup) that may not persist.

Richer feature sets improve model performance on exactly these difficult cases. Behavioural features - session
length, product exploration depth, engagement timing relative to match schedule, bet type diversity, cash-out
usage - provide complementary signals that transactional data alone does not capture. A user who has placed
only three bets but has explored multiple market types, browsed pre-match content and returned between
matchdays presents a fundamentally different profile from a user who has placed three bets on their national
team and has not opened the app since.

Cashout: 164.80

World Cup 2026 | Team 1 - Team 2 World Cup 2026 | Team 1- Team
Team 2 A Team 2
Match Match

World Cup 2026 | Team 1
Team 1
M

This is where the unified data warehouse becomes consequential for CRM. When transactional, behavioural,
session-level and marketing data all reside in the same governed layer, the predictive model can draw on the
full picture. When these data sources live in separate systems - as they do in many operator environments
- the model’s feature set is constrained by whatever data can be stitched together, typically with lag and
inconsistency.

Gamblitude’s architecture directly addresses this. Because the data warehouse consolidates all operator data,
and because the Attributes module provides a structured way to define and calculate behavioural features,
the predictive layer has access to the richest possible input set. The practical result is better calibration on
tournament cohorts, earlier identification of at-risk users and more effective allocation of CRM resources during
the critical post-tournament window.
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4.5 Operational integration

Even a perfectly calibrated model with rich features delivers limited value if its outputs sit in a data science
notebook that the CRM team never sees. The integration of predictive scores into operational workflows is
the step that most often separates analytical capability from business impact.

In practice, this means predictive churn scores need to flow directly into the tools and surfaces that CRM teams

use daily:
PREDICTIVE CHURN SCORES
A
A | |} N
segmentation logic campaign targeting dashboard filters alert systems

When a player’s churn score crosses a threshold, the system should flag it in the CRM interface, include the
player in the appropriate engagement segment and, where appropriate, trigger an automated communication
or incentive.

Within Gamblitude, predictive model outputs integrate into the analytics and
alerting infrastructure. Churn scores feed Insight Radar, which can alert CRM
teams when segments of players are trending toward disengagement. Lifetime
value forecasts inform acquisition-level dashboards, closing the loop between
marketing spend and predicted return. Risk scores contribute to compliance
monitoring. The predictive layer operates as an embedded capability across the
platform rather than a standalone analytical tool.

4.6 Promotional efficiency in the retention phase

We should highlight how the relationship between incentive cost and incremental behaviour becomes more
complex during and after a tournament. This complexity intensifies in the post-tournament retention phase,
when operators face a large, heterogeneous cohort with declining natural engagement and a finite budget for
retention activity.

The key insight is that promotional spend during retention should be governed by predicted incremental value,
not by observed activity level. A highly active user who is likely to remain engaged without intervention does
not need a bonus. An inactive user with a low lifetime value forecast is unlikely to justify the cost of reactivation.
The highest-return interventions target users in between: those with meaningful predicted value who show early
signs of disengagement and for whom a modest, well-timed intervention can alter the trajectory.

This kind of precision requires three capabilities:

01 Accurate churn and 02 Granular promotional 03 Segment-level outcome
value predictions cost tracking analysis
to identify the right targets to measure the actual spend to evaluate whether the intervention
per intervention generated incremental behaviour

All three are difficult to deliver without a unified data and analytics layer. All three are native to the Gamblitude
platform.



Data, Analytics & Predictive Intelligence in Modern Sportsbook Operations

05

Organisational alignment under peak load

5.1 Why alignment matters more during a tournament

The observation that warrants significant expansion: tournaments increase complexity across every function
simultaneously and organisational alignment becomes more important as operational speed increases.

Under regular-season conditions, departments can operate with a degree of independence. Trading manages
pricing and risk. CRM manages engagement and retention. Marketing manages acquisition and campaigns.
Finance manages reporting and budgets. Compliance manages regulatory obligations. Each function has its
own data sources, its own KPI definitions and its own decision-making cadence. Periodic cross-functional
meetings synchronise priorities, and the pace of change is usually manageable.

During a World Cup, this model strains. Decisions that were previously sequential
become concurrent. A pricing decision on a specific fixture has immediate
implications for marketing (which promotions to push), CRM (which customers to
target), compliance (which markets to monitor more closely) and finance (how the
exposure position affects the P&L). When each of these functions operates on its
own data, with its own metric definitions, the lag between cause and effect across
departments introduces friction, inconsistency and delayed response.

5.2 The Metric consistency problem

One of the most common and least visible sources of organisational friction is inconsistent metric definitions.
The problem is pervasive in sportsbook operations because many standard terms - active player, GGR, effective
margin, acquisition cost, player value - admit multiple reasonable definitions, and different teams often adopt
different ones. Consider “active player”:

A CRM team might
define this as any user
who placed a bet in
the last 30 days.

A finance team might
define it as any user
who deposited in the
last 30 days.

A product team might
define it as any user
who logged in during
the last 7 days.

All three definitions are defensible. All three produce different numbers. When the CEO asks “how many active
players do we have this week?” and receives three different answers from three different teams, the ensuing
reconciliation consumes time and erodes confidence in the data.

During a World Cup, this problem compounds. The volume of cross-functional decisions increases. The time
available for reconciliation decreases. And the financial consequences of misalignment - a marketing team
scaling spend based on an active-player count that differs from the figure finance is using to forecast revenue
- become more material.
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The Metrics module within Gamblitude
addresses this at a structural level.
Metric definitions are created once within
the platform, including the specific logic,
filters, time windows and data sources
that constitute each metric. These
definitions then propagate consistently
across every dashboard, report, alert
and Al query. When trading refers to
“effective margin on accumulator bets,”
it is the same number that finance sees,
that CRM uses for segmentation, and
that the executive team reviews. The
reconciliation step is eliminated entirely
because there is nothing to reconcile.

This sounds simple in principle. In practice, it requires a deliberate architectural choice: the analytics layer
must sit on a single data foundation with a single metric definition framework. Organisations that run multiple
Bl tools, each connected to different data extracts with independently configured metrics, cannot achieve
this consistency through process alone. The consistency must be structural.

5.3 Self-Service analytics and the Bl bottleneck

The traditional Bl model - where business teams submit requests to a centralized analytics function that builds
reports from data extracts - operates adequately under normal conditions. During a tournament, it tends to break
down in a predictable way. The volume of questions increases sharply:

| want to know how | want to see margin | need a drill-down into | want real-time
yesterday’s World dynamics on Bet stake distributions for campaign ROI for a
Cup cohort compares Builder markets for a specific fixture that promotional mechanic
to the one acquired matches involving triggered an integrity launched that

during the Euros. underdog nations. alert. morning.

- ' HEAD OF COMPLIANCE Al MARKETING
.‘m CRM MANAGER el TRADING ¥’ . OFFICER "M DIRECTOR
/ A

In a traditional Bl model, each of these questions becomes a ticket. Each ticket enters a queue. Each response
requires analyst time to scope, build and validate. During a World Cup, the queue grows faster than the Bl team
can process it. The result is predictable: by the time the analysis is delivered, the decision window has often
closed. The tournament has moved on to the next matchday, and the insight - however accurate - arrives too
late to influence action.

Gamblitude’s Business Analytics Platform is designhed to eliminate this bottleneck. Self-service dashboards
with no-code metric builders, combined with the Al Agent (which allows natural-language querying against
the full data warehouse), give business teams direct access to their data. The CRM manager builds the cohort
comparison themselves. The head of trading creates the margin breakdown without waiting for a scheduled
report. The marketing director evaluates campaign ROl as bets settle. The Bl team’s role shifts from building
reports to maintaining the data layer and supporting complex analytical projects - work that adds more value
and is less susceptible to tournament-driven queue overload.
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5.4 Governance, access and trust

Broader data access creates a corresponding governance challenge. During a World Cup, multiple departments
need simultaneous access to player-level data for different purposes:

CRM for engagement trading for risk assessment

compliance for monitoring finance for exposure tracking

Without structured access controls, two problems emerge. Sensitive data may be accessed by teams
without appropriate authorisation. And teams may be denied access to data they legitimately need, creating
workarounds that undermine data governance.

Gamblitude’s RBAC (role-based access control) framework provides the structural solution. Permissions are
defined at the role and team level, ensuring that each function sees the data relevant to its purpose at the
appropriate level of granularity:

Compliance teams access

player-level behavioural data. Finance accesses consolidated

financial metrics.

Marketing teams access
aggregate campaign performance. The executive team accesses
cross-functional summaries.

The practical effect is that data governance operates as an enabler rather than a constraint. Teams move
faster because they know their access is authorised. Compliance requirements are satisfied because access
boundaries are enforced by the platform rather than by policy alone. And the organisation avoids the common
failure mode where governance becomes so restrictive that business teams build shadow analytics environments
to work around it - which is precisely the fragmentation that a unified platform is designed to prevent.
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Conclusion

The FIFA World Cup 2026 will reshape the operating environment of every sportsbook it touches. The scale of
the opportunity is extraordinary. The variability it introduces is equally significant.

Throughout this whitepaper, we’'ve examined 4 areas where that variability is most consequential and where data
infrastructure determines whether the organisation navigates it with precision or absorbs it as unmanaged risk.

Reporting latency becomes a financial exposure when liquidity concentrates around a limited number of
high-stakes fixtures. A real-time data architecture, built on a unified warehouse with automated monitoring,
addresses this by eliminating the gap between event occurrence and organisational awareness. The trade-offs
are real - architectural complexity, cost, the need for corresponding organisational speed - but the alternative
iIs managing tomorrow’s risk with yesterday’s data.

Tournament acquisition introduces structural uncertainty about cohort quality. Early behavioural classification,
supported by a framework of well-defined attributes, allows operators to segment new users while they are still
active and apply differentiated engagement before the tournament concludes. Connecting acquisition spending
to downstream outcomes in near-real-time enables budget reallocation while the spending decisions still matter.

Post-tournament retention determines whether the acquisition investment generates lasting value. Predictive
churn modelling, calibrated on the operator’'s own data and integrated into CRM workflows, enables early
intervention before disengagement becomes visible in standard reporting. The difference between reactive
and predictive retention compounds rapidly across a cohort of tens of thousands of newly acquired users.

Organisational alignment accelerates every one of these capabilities. Consistent metric definitions eliminate
reconciliation overhead. Self-service analytics and Al-driven querying remove the Bl bottleneck. Structured
governance enables broad access without compromising control. During a tournament, when every function
facesincreased complexity simultaneously, structural clarity is what converts data infrastructure into competitive
advantage.

Gamblitude provides this infrastructure: a dedicated data warehouse, self-service analytics, automated
monitoring, an Al Agent and predictive modelling - purpose-built for iGaming and designed for the conditions
a World Cup creates.

In a tournament environment the difference between reacting after the event and acting during it often comes
down to the speed and clarity of information.

Operators who recognise meaningful signals earlier gain the ability to shape outcomes rather than merely
observe them.

The organisations that maintain structural clarity throughout the tournament will be those that convert elevated
engagement into sustained performance. That readiness begins with data. It begins now.

Book a demo and see the upside for yourself:
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